Data Quality & Solvency II:
Potential Implications for
Every Actuary

How Solvency Il evoives beyond SOX with
respect to Data Quality and Data Management

The Casuaity Actuarial Society Is committed to adhering strictly to the
letter and splrit of the antitrust laws. Seminars conducted under the
ausplces of the CAS are designed solely to provide a forum for the
expression of various peoints of view 6n tapics deseribed in the
programs or agendas for such meetings.

Under no clrcur shall CAS Inars be used as a means for
compeling companles or firms to reach any understonding — expressed
or implied — that restricts competition or fa any way impalrs the abllity
of memhbers to exercise independent business Judgment regarding
tters affecting comy 1

Itis the responsibility of all seminar participants ta be aware of antitrust
regulatlons, to prevent any written or verbal discussions that appear to
violate these laws, and to adhere in every respect to the CAS antitrust
compiiance paolicy.

Sarbanes-Oxley Section 404 focused on key concepts such as
"Controls” and “Attestations” most notably around financia! reporting

Implications for the aciuary fikely included
+Slandardized controlled processes for reserving estimates
*More documented processes for the development of loss ratios in
suppont of planning forecasts and “peg” loss ratios

Likely unbeknownst to that actuary Ihere were SOX requirements for
their iT department around:

»Data flow controls between key applications

*Rigorous documentation of the design and testing of these
cenlrols

The key reference was the “COSO Framework”
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From an actuarial perspective, it may sound
like semantics, from an IT perspective, the
distinction may be material:

“Information” implies a set of facts that when assembled
together is informative - could include assumptions that
underlie a decision or analysis, ~ §J5%%

o
“Data” may be more narrowly defined, referencing specific

data elements, how they are managed inciuding their
unique characleristics




An actuary
+ in practice may blur the lines between data and assumptions

* “assumptions about the data” fill the gaps about recognized
limitations of data and methodologies

Solvency I

+ clearly delineates between the weakness of specific data sets
and the assumptions underlying actuarial methodologies

* requires companies to measwre the strength of data and
comment on the impact of any perceived weaknesses

Different perspectives exist:

@
The “fnally” perspective: -
v
+ actuaries have long been relied on (perhaps {00 much) as the
singular voice of what is “good enough” data
« when “good” data is not available, the actuary relies on assumptions
and disclosures, nisking that their analysis will be consequently

devalued
+ finally, there will be a way to measure the quality cpt.data that is
recognized by the organization S

The “you qot te be kidding me” perspective:

* asif acluaries don't have enough to do, why are they now being
asked lo evaluale the quality of data loo?

+ actuanes didn't enler the data — shouldn't defining what is good be
someone slse’s job? N

Measuring the impact of imperfections is not a new thing to
actuaries (isn't it just a varfance?) but how can we appiy
these principles to data imperfections?

How would you define the 51 Data Quality Requirements
of:

Accuracy?

Completeness?

Appropriateness?

How would you measure these against a benchmark of
adequacy?




Quality requirements vary by the intentions of the
user, as such so should the measurements of
quality.

The statistical reporing grea may focus of the validity of certain fields:

Is this a valid NCCI class code for that effective year?

The financial reperting area may focus on reconciliation:

Does this value balance to the ledger amount?

The filings area may focus on the granularity of data.

Do 1 have enotgh exposure raling delail to estimate the impact of a
promuigated loss cost change?

The pricing gr reserving actuary, although recognizing the importance
of above is likely to focus on the ability to match losses and

premiums or the consistancy of loss development measures 0
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How would your actuarial processes improve if
data quality was organizationally defined?

If formal Data Governance was enacted in your
organization, what sort of “citizen” would you
he?




