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How did that change
today?
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Models much more complex and difficult to explain

How
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C h an g| N g ? é\g ; Huge time saving through Automation & Al

v Actuaries have the perfect set of skills to support model
@ U assessment, acceptance & communication
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Performance metrics

constrained preds geo ensemble
observed v. fitted
'normalized gini': 0.297, 'mae': 1023.1, 'rmse': 13480.7

Confidence in 1200
our models is a
key acceptance
criteria.
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Model Comparison

Best model for the need

relativities
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Model Comparison

i
v Complexity does
not always mean a

superior solution

Resources



Mix of business quality

@ You have an anti-selection problem,
we have the solution.
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Model to explain model

o tLr T

DECISION RULES

PCS=51.89

PC5=51.89

b4

PPV_TERR is not 02
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s Simplified view of
\ the model to
AGE »59.99 hom_Water_Terris W1 AGE > 59.99 hom_Water_Terr is W1 4,805 (25.33%)

B > . understand major
trends



90 |t is all about segmentation! What drives the model?

500+ external variables
150 internal variables .

Variable Importance - Top 10
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MORTGAGE FREE

DEDUCTIBLE



Case by Case Decoder

g Understand each case is a must to explain outliers

MR. SMITH IMPACT AT RENEWAL
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The presentation of the results are as important as the results itself in the process of convincing stakeholders
that the proposed model is the right thing to do.

Avoid long list of bullet points in PowerPoint Presentation. Your audience is likely to focus on the reading of
your list instead of focusing on what you are saying. It would also be difficult for the audience to understand
what is the key points that the presenter is expecting to get from the list.

If you are in a big room, there is a significant chance that one or many people in the room would struggle to
read the full contents of your slides. This is particularly true if you are using small font. Think about people that are in

the last row of the room and make sure you are not creating frustration. You want your audience to stay focus on your message.

The layout of your report elements impacts reader comprehension and guides them through the report page.
How you place and position elements tells a story. The story might be “start here and then look here” or
“these three elements are related to each other.”

In many cultures, people scan from left-to-right and top to bottom. Position the most important element in
the top-left corner of your report. Organize the rest of the visuals in a way that leads to logical navigation
and comprehension of the info.

Position elements that require the reader to make a choice to the left of the visualizations the choice will
impact: slicers, for example.

Place position-related elements close to each other. Proximity implies the relationship of the elements.

Another way to convey relationships is to add a border or color background around related elements.
Conversely, add a divider to distinguish between different sections o/g a report.

Use white space to visually chunk sections of the report page.

Fill tﬁe report page. If you have too much white space, make your visualizations larger or make the canvas
smaller.

If you have read until this bullet point, clap your hands
Be intentional with sizing your report elements. Don’t let space availability dictate the size of a visualization.
Make important elements larger than the others or add a visual element like an arrow to draw attention.

Bullet points in itallic are a copyrirght of https://docs.microsoft.com/en-us/power-bi/visuals/power-bi-visualization-best-practices
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Use the right visual
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It’'s awesome, Gini of 32%, lift of 9.1

The Audience:



https://giphy.com/
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't%’ What do you need to consider?

Audience Desired

what defines success for them?
Outcomes

Business what is the impact on the day-to-day
Application operation?

Ownership /

who is responsible for oversight?
Stakeholders . =

Limitations /

. what will prevent success?
Constraints

Strategic are we delivering results that support
Alignment audience goals?




9 ((0 Hearsay The Audience

This model
has no effect
on our ability
to write more
new business



https://giphy.com/

Control the message

~ Simple stories are intuitive, but can mislead

fan Impact distribution
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The curse of skewed distributions!



Control the message

Your message The Audience
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~ Fact { e 10% of the book will face significant rate increase

¢ Clients will leave
Concern . ) .
e Brokers will lose confidence in our rates
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From model to
implementation
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Data Failure Examples

B
4 N
Data
manipulation ||nsured has incentive to lie (eg. Annual
KM, Conviction, etc.)
4 N

Default value

System provide a value that will be
recorded if not updated

-

Outdated
information

~

Loyal client are not contacted every year

-

Biased Data

~

Some questions are asked to specific
profiles

Actuary’s business
knowledge Is essential
to avoid bias caused by

data failure
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What if data is not clean?

&



Why implementing a model would fail?

Discrepancy between the model and the real
world

Elg‘> Takes too long to achieve value

% Too difficult to maintain from R&D version to
ongoing operations

. o | Lack of communication and understanding
‘1 f’ between modelers and stakeholders




ﬂ Challenges: from model to implementation

-

No Data

Ex: New product

~

-

Reversal

Ex: Surcharge for a
discount

~

Extremities

Ex: Building Age
over 130

~

-

Counterintuitive

* Ex: 20 yrs old
better than 25




Post implementation:
Monitoring




Eﬂ Measurement proves the benefits

p
Business case for your work and

justification for your team

~

\

-
Justification for investment (client
or internal)

J
~

-
-

J
~

Proof points for future modeling

projects
\

Communication tools still apply!

Use the right
visual

Target your
audience

Control the
message
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Career Opportunities in
Data Science




@ Let’s look again the time allocation...

Time allocation for
Pricing models
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Skills required?

Insurance knowledge

Communication

Presentation



s it important to complete the actuarial exams?

4 N\
Technical skills /
\ J
4 I
Insurance knowledge /
\ J
4 N\
Communication ><
\_ J
4 I
Presentation ><

- J

Yes, but this is not enough!



Certified Specialist in Predictive Analytics (CSPA)

2. DATA CONCEPTS AND
VISUALIZATION

I

1. PROPERTY -
CASUALTY INSURANCE
FUNDAMENTALS

3. PREDICTIVE MODELING
- METHODS AND
TECHNIQUES

4. CASE STUDY
PROJECT
@

Demonstrates a candidate’s
ability to apply the
knowledge and skills
covered in the other CSPA
requirements.

Covers the concepts,
methods and tools used
for statistical analyses,
predictive modeling and

data analytics for P&C
insurance applications.

Covers the foundational
concepts and tools
associated with preparing
and managing data and
datasets to be used in
quantitative analyses,
predictive modeling
and data analytics with
applications for P&C
insurance.

Covers the core principles
underlying P&C insurance
and risk management, and
introduces the primary
concepts needed for
analyzing and modeling P&C
data and risks.

Online course on Ethics & Professionalism also required

Aviva: Int | . . . .. . .
viva: fnerna Source: https://thecasinstitute.org/credentials/predictive-analytics-and-data-science/



https://thecasinstitute.org/credentials/predictive-analytics-and-data-science/

Thank you

Any questions?




